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Identification of Languages and Encodings in a
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Abstract

Text on the Web is available in numerous languages and encodings, often not according to any standards,
The number of multilingual documents on the Web is also increasing. The problem of identifying the
languages and encodings in a multilingual document and marking portions of a document with them
has not been addressed so far.  We present an exploration of this problem, the implied or required
assumptions, and a solution. The problem can be divided into three parts: monolingual identification,
enumeration of langnages and identification of the language of every portion. For enumeration, we have
been able to get a precision of 96.20%, We also experimented on language identification of each word.
Given correct enumeration, we could obtain fype precision of 90.91% and foken precision of 86.80%.
Finally, we show how precision is affected by language distance.
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1. Introduction =

One user one language and one document one language have been the assumptions on
which much of the work on computers, the Internet and even Natural Language Pro-
cessing (NLP) has been based. But as more and more people from around the world,
especially from countries with many languages, have joined the community of computer
and Internet users, the importance of accommodating bilingualism and multilingualism
is gradually being realized.

Language identification becomes an important problem in the electronic world of many
languages (Gordon 2005), even more so when multiple languages are mixed up in one
document. Monclingual identification has been attempted by many researchers and it
is now considered by many to be an almost solved problem. But multilingual identi-
fication has been rarely attempted. This is partly due to the fact that for g long time
most of the documents on the Internet were monolingual. Muliilingual documents are
becoming more common now. Since it is very difficult to directly estimate the number
of multilingual documents, we have used an indirect method as shown in Table 1,
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