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Preparing Poster



Preparing Poster

= pack the most information as possible
= designing poster understandable after 10 or more minutes

= doing the poster last minute
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Result

Non-Cognitive Predictors of Student Success:
Validity
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Attendee Point of View



Goals of Attendee

= Planning to learn the most
= Planning to talk in depth (15 minutes) with 2-3 people

= Restricted time (90 minutes)
= Too many posters (40-50 posters per session of ACL 2019)

= Leaving 2 minutes per poster > Need to skim through most posters
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Perfection is not when you have

nothing to add, it is when you have
nothing to take away.




Improving Poster Design

1. Maximize first insight
2. Keep only the good stuff

3. Easy and fast to create
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Create Main Message

We found consistent differential
validity for some non-cognitive
measures for predicting international
student GPA, specifically with SJT,

Continuous Learning, Social
Responsibility, and Perseverance.
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Write It In Plain English

For international students,
perserverence and a sense of
social responsibility are extra

important for predicting
first-year GPA.
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Add Live Presenter Bar

For international students,
perserverence and a sense of
social responsibility are extra

important for predicting
first-year GPA.
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Add Silent Presenter Bar

Non-Cognitive Predictors of
Student Success:

APredictive Validity
Comparison Between Domestic
and International Students

. For international students
. perseverance and a sense of
social responsibility are extra
e important for predicting
hserelatonshpsaretesed ﬁrst'y ear GP A

+ Consistent difrentialaleity fo some non

METHODS
=" We compare the predictve vliityof these
messuresscrossdomestic and nternatonsl

does ot seem o b th reslt offunctioning
forEnglish anguage abiy.
- Cultral distancedoes not seemto moderate
valdityof non-cogitive

ISCUSSION
- Non-cogitive abiies may beuseful

iferentialvalidityfo interational students.

MICHIGAN STATE
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QR Code for People Who Want to Read it Later

Non-Cognitive Predictors of
Student Success:

APredictive Validity
Comparison Between Domestic
and International Students

For international students
perseverance and a sense of
social responsibility are extra
important for predicting
first-year GPA.

MICHIGAN STATE
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What Really Works in NLP

Non-Cognitive Predictors of
Student Success:

APredictive Validity
Comparison Between Domestic
and International Students

For international students

: perseverance and a sense of

it social responsibility are extra
Bt important for predicting
hserelatonshpsaretesed ﬁrst'y ear GP A

uLts

= Consistent diffrential valdityfor some non
o res for nternationsl studens,
specifcllyfor SIT. Continuous Learning.
Socil Re ce.

MICHIGAN STATE
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Real Examples
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Towards Integration of
Statistical Hypothesis Tests
into Deep Neural Networks

Introduction

We propose a new deep architecture which works
i tandem with a staistical test procedure fortrain-
ingatext lassiferjointy on texts and theirabel de-
scriptions.

The model leverages the use of label descriptions in
addition to the input text to mprove text classifica-
tion performance.

Intuition

The ntuition s to help the model to concentrate on
mre nformative words raher than more frequent
‘ones hence enhancing the model performance.

Conclusion

Using satistical hypothesi testing methods, we ex-
tract the most informative words for each class as
the class descriptors. We slso propose an archi-
tecture for actvely attending over class descriptors
hence improvingthe state-ofthe-ar intext classf-
aation.

‘Our method is entirey data-driven, has no depen-
dency on other sources of information than the
training data, and s adaptable to different classif
cation problems by providing approprite training
data without major hyper-parameter tuning.

School of
Engineering

Jointly Training
Deep Neural Classifiers
on Text and x? Labels

using

x2 Hypothesis test

Takeapictureto
download the full paper

System Architecture

Key Steps

« Extractingclass descriptors

« Explict attention on class descriptors

« Jointly learning fromtext and class descriptors
SystemResults
The stat-of-the-art system resuts on the Hate
speech dataset

w3

Thewatearii |
Class Descrptors
Here are the extracted ' descriptors for some
lassesn the AG Newsdatset
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Unsupervised word segmentation models

perform above chance & stably across languages —

They could be poten

Is word segmentation child's play in all

languages?

Georgta Loukatou, teven Moran, Damian Basi Sabine Stall, Alex Cristia

INTRO

» Infants can segment speechinto
words/morphemes,

« This process canbe mimicked with

| strategies employed by
infants.

Take aphoto to
jget the full paper

RESULTS
« DIBS performed above baselinesin

« Ideal models should work similarly
across angusges.

RESEAR

alllanguages. The others performed

languages

 Spearman cor showed asimilar rank

+ Domodels perform above chance?
» I their rank ordering similar across
languages?

METHODS
WordSeg package’:
 2baselines cut anywhere atp-0,p-1)

© .. DiBS:diphone prob, optiml choice.

. TPs: diphone prob (backwards, FW,
M)

* - AG:lexical & generative:

« .. PUDDLE: lexical &memory:-based
AcaDiv database?:

« 8languat

o child-centered specch transcriptions

across languases. Only Inuktitut and
Russian iffered.

« Bigger differences in performance.
across models (Table 1) than across
languages (Table 2,

DISCUSSION

languages.

« Ifinfants used similar strateges,
they could get ahead startin
segmenting word- ke urits
regardless of what their native.
language s

Are Girls Neko or Shajo? Cross-Lingual Alignm

For cross-lingual word embeddings,
a little preprocessing can drastically
increase word translation accuracy.

ent of Non-

with Iterative i
Mozhi Zhang, Keyulu Xu, Kenvichi Kawarabayashi, Stefanie Jegelka, Jordan Boyd-Graber

Background
How to train bilingual word embeddings
* Train two monolingual embeddings
+ Align with an orthogonal mapping
 Definition: WTW = I
+ Preserve dotproducts
Xy = (W) (Wy)

Iterative Normalization
Preprocess monolingual embedings
before learing the alignment.
Fork =12,
Lengih normaization
¥ = Dy
Mean centering

Word translation accuracy

Before  After

ENJA Lo g
oS
33 3o
449 a8y
540 584

* Results on MUSE
* Improve on 39 target languages
* Helpful for both or

Why does it work?

Two conditions that help orthogonal

mapping:

1. Every vector has the same length.

2. Each language's mean has the
same length.

+ Condition 1 unifies objectives: dot-

product for training monolingual
embedding, cosine-similarity for
evaluating monolingual embedding, and
Euclidean distance for cross-ingual
alignment,

* Condition 2 is a necessary condition for
orthogonal alignment.
* Herative Normali

orthogonal methods (such as ROSLS)

Projection to provably satisfy both,

13/ 121



Real Examples
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Better Poster for UFAL

unlabeled data

automatic evaluation of coherence

[J=, Exploiting Large Unlabeled Data in Automatic Evaluation
Fal of Coherence in Czech
A Michs Novak,J i, Katofna Ryso snd Magdalin Rysvs
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Better Poster for UFAL
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Better Poster for UFAL
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Better Poster for UFAL

unrelated

Iterate
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Better Poster for UFAL
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UFAL Templates

https://github.com/tomkocmi/betterposter-latex-template
https://github.com/ufal/beamer-template
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https://github.com/tomkocmi/betterposter-latex-template
https://github.com/ufal/beamer-template

Better Poster and UFAL Templates

Summary

1. Add the main message in plain English
2. Do not be scared of negative space
3. UFAL consistency

https://wiki.ufal.ms.mff.cuni.cz/presentations


https://wiki.ufal.ms.mff.cuni.cz/presentations

	Preparing Poster
	Attendee Point of View
	Perfection is not when you have nothing to add, it is when you have nothing to take away.
	Better Poster Concept
	What Really Works in NLP
	Real Examples
	Add Main Message in Plain English
	Better Poster for ÚFAL
	Beamer Template for ÚFAL

