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The main result of our evaluation

Adequacy }n = 512)

56 % sentences translated more adequately by CUBBITT,
34 % sentences by a profesional translation agency

Context-aware evaluation: 15 evaluators
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The main innovation: Block-BackTranslation 5
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Manual evaluation example

blind, sentence-level but document-aware, side-by-side

source
"And we're protecting our shareholders from
employment ltigation.”

Companies started taking ethics, values and
employee engagement mare seriously in 2002
after accounting firm Arthur Andersen
collapsed because of ethical violations from the
Enron scandal, Quinlan said.

Butit wasn't until "social media came into its
own" that companies realized they couldn't
stop their dirty laundry from going viral online.
"Prior to using technology to monitor ethics,
people used hope as a strategy,” he said.

Both Glint and Convercent offer their software
as a service, charging companies recurring fees
to use their products.

It's 2 business model and opportunity that has
the approval of venture capital investors, who.
have propped up both start-ups,

Convercent raised $10 million in funding in
February from firms such as Sapphire Ventures
and Tola Capital, bringing its total capital raised
t0 $47 million.

Glint secured $10 million in November from
Bessemer Venture Partners, bringing its total
funding to $60 million.

These investments hardly come as a surprise,
given the interconnected nature of companies,
culture and venture capital.

There's a growing body of research showing
today's employees expect more from their
workplaces than before.

In competitive markets such as Silicon Valley,
high salaries and interesting projects are merely
table stakes,

Employees want to feel that they're accepted
and valued and that they're giving their time to
acompany with a positive mission.

Translation

Je to obchodni model a pifleditost, kterou
schvaluji odvéni kapitslovi investoi, jenz
podpofili oba startupy.

Convercent vybral v ramci své dnorové
kampané od firem jako Sapphire Ventures a
Tola Capital celkové 10 miliond $ & nakonec si
odnesl kapital ve viZi 47 miliond $

Glint ziskal v listopadu 10 miliont $ od

Bessemer Venture Partners a v prib&hu celé
@ampané ziskal 60 milion $.

Tyto investice jsou stéii prekvapujici vzhledem k

vzsjemné povaze spolecnost, kultury a

rizikovému kapitdlu

Nariistajici pocet vijzkumi jasné potvrauje, Ze
neni zaméstnanci otekavaj od svého

pracovists vice ne? kdy dfive.

A nz konkurencnich traich, jakjm je nap. Silicon

Valley, nejsou hlavni vjhodou vysoké platy a

zajimavé projekty.

Zaméstnanci cht&ji vnimat, Ze jsou pFijiméni a

ocefiovni a Ze vénuji svij tas spolecnosti, kterd

usilue © pozitivi poslani,
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Translation2

Je to obchodni model a pfileditost, kterd mé
souhlas investord rizikového kapitalu, ktefi
podpofili oba start-upy.
Convercent ziskal v dnoru finanéni prostfedky
ve vyi 10 miliond dolar od firem jako
Sapphire Ventures a Tola Capital, &im? se jeho
celkovy kapital zvyil na 47 miliond dolard.
Glint ziskal v listopadu 10 milion dolard od
spolegnosti Bessemer Venture Partners, &ims
jeho celkové financovani dosshlo 60 miliond
jolard.

Tyto investice nejsou vzhledem k propojenosti
spolegnosti, kultury a rizikového kapitalu
2dnym prekvapenim.

Roste mnostvi vyzkum, které ukazuji, Ze

dnegni zaméstnanci ocekévji od svych
pracovist vice net drive.

Na konkurenénich trzich, jako je Silicon Valley,
jsou vysoké platy a zajimavé projekty pouhymi
sizkami u stolu

Zaméstnanci cht&ji mit pocit, 2 jsou prijiméni a
cenéni a 7e vénuji svij &as spolecnosti s
pozitivnim poslanim.
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It depends on the input text domain
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Are three measures necessary? 5

Can we predict the overall quality
as a weighted average of adequacy and fluency?



It depends on the annotator o

Translators put more emphasis on fluency,
non-proffesionals on adequacy.
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It depends on the annotator

Some annotators put all the emphasis on adequacy,

but only for one of the systems.
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Inter-annotator agreement

0.3

Cohen's kappa
o
N
o

o
N}

We cannot conclude that professionals are more reliable.
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Distribution of error types

>

Sentences with errors (%)
(405 sentences, 6 evaluators)

CUBBITT makes more errors than humans in
@ translation of ambiguous words
e fluency (but not spelling and grammar) and

@ cross-sentence context

Context-aware evaluation of error types: 3 non-professionals and 3 professional translators
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Ablation analysis

BlockBT improves the quality (+0.4 adequacy, +0.3 fluency).
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Translation Turing Test

Accuracy of distinguishing
machine from human translations (%)
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60 % of participants did not distinguish CUBBITT
from human translations (on 100 isolated sentences)
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BLEU Training curves for en-fr and en-pl
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Why Block-BT works?

A Source sentence: "He was an original guy and lived life to the full" said Gray in a statement.
N N
SYNTH:chlap AUTH: &lov€k  SYNTH:Sedivy AUTH: Gray

Translation of block-BT-Avg: "Byl to origindlni chlap a 7il Zivot napino," uvedl Gray v prohlaseni.
Checkpoint 1(SYNTH): "Bylto origindlni chlap a #il Zivot naplno” uved! Sedivy v prohlageni.
Checkpoint 2 (SYNTH): "Bylto originalni chlap a 7il Zivot naplno” uved! Sedivy v prohlageni.
Checkpoint 3 (AUTH): Byl to origindlni ¢lovék a 7il Zivot naplno,” uved| Gray v prohlaseni.
Checkpoint 4 (AUTH): Byl to origindlni élovék a Zil Zivot naplno,” uved| Gray v prohlaseni.
Checkpoint 5 (AUTH): Byl to origindlni ¢lovék a Zil Zivot naplno,” uved| Gray v prohlaseni.
Checkpoint 6 (AUTH): Byl to origindIni élovék a il Zivot naplno,” uved| Gray v prohlageni.
Checkpoint 7 (AUTH): Byl to origindIni élovék a il Zivot naplno,” uved| Gray v prohlageni.
Checkpoint 8 (AUTH): Byl to originalni élovék a 7il Zivat naplno,” uvedl Gray v prohladeni.

B

—— block-BT + avg8: chlap (vs. &lovék)

0.6 o --- block-BT: chlap (vs. Elovék)

—— block-BT + avg8: Gray (vs. Sedivy)
block-BT: Gray (vs. Sedivy)

auh  synth  auth y avh  synh  auth

relative prob. of better translation
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